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A Lighter Presentation
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What is Logistic Regression?
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• Logistic regression is a classification model. 
•A (statistical) method used for binary classification 

problems, where the goal is to predict the probability of a 
binary outcome (either 0 or 1, yes or no, true or false) 
based on input features. 
• It models the probability of the event occurring by 

transforming the output of a linear equation using a 
logistic function (also known as a sigmoid function). 

Regression for Classification
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Logistic Regression
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PART 2
More Details
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Details

• See hand-written notes and discussion in class.
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PART 3
Code Time!
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Code Time
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•See demonstration and discussion in class.

•See also links in the “Code Examples” for this 
Lecture.
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Conclusion
Takeaways
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Logistic regression vs. Linear regression
• Logistic regression - like linear regression - is a type of linear model that examines the 

relationship between predictor variables (independent variables) and an output variable 
(the response, target or dependent variable). 

• Key difference is: 
• Logistic regression is used when the outcome is categorical, such as whether a loan is approved 

or not.

• Linear regression is used when the output is a continuous value - for example, predicting 
someone's credit score. 

• In logistic regression, the model predicts the probability that a specific outcome occurs. 
• For instance, given someone’s financial profile, we might predict the probability that their loan is 

approved. 

• The output of the model is a value between 0 and 1. Based on a threshold—often 0.5—we 
classify the outcome as either "approved" or "not approved." 

• Instead of drawing a straight line through the data as we would in linear regression, logistic 
regression fits an S-shaped curve to map input values to a probability. 29

Summary
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Recap: The ML Pipeline 
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